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Abstract: Grounded in the stimulus-organism-response framework, this study
addresses the limited research on the mediating roles of product involvement
(PIN) and brand familiarity (BF) in virtual influencer marketing (VIM)
outcomes. Virtual influencers (VIs) are an effective marketing tool, particularly
on social media. This study examines how VIM affects purchase intention (PI)
for sports goods in the Philippines, with PIN and BF as mediators. Data were
collected from 319 Filipino consumers and analysed using partial least
squares-structural equation modelling. The results reveal that VIM significantly
affects PIN, BF, and PI; additionally, PIN and BF mediate the relationship
between VIM and PI. These results highlight the effectiveness of VIs in the
sports goods sector for building brand trust and creating emotional connections
with consumers. VIs also drives PI by increasing PIN and BF. Marketers can
use VIs to strategically increase PI by encouraging higher PIN and BF among
consumers.

Keywords: virtual influencer marketing; VIM; virtual influencers; purchase
intention; product involvement; brand familiarity; brand trust; sports goods;
social media; stimulus-organism-response framework; S-O-R framework;
Philippines; partial least squares-structural equation modelling; PLS-SEM.
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1 Introduction

As social media gains traction and advertising agencies allocate larger proportions of
their media budgets to these platforms, the advertising sector seeks efficient methods to
maximise returns on investment (Appel et al., 2020). Influencer marketing has become a
prominent advertising strategy that focuses on influential individuals instead of broad
mass audiences (Casalé et al., 2020). This digital marketing technique involves
identifying opinion leaders or influencers and incorporating them into a brand’s social
media communications (Belanche et al.,, 2021). Influencers use both digital and
traditional communication channels to shape brands’ marketing tactics and increase brand
communities (Costello, 2020).

Companies often select and compensate online influencers — individuals, groups, or
virtual avatars with large social media followings — using pay-per-post schemes. Human
influencers face increasing competition from virtual influencers (VIs) (Allal-Chérif et al.,
2024), which are computer-generated human replicas used in social media marketing as
substitutes for real people (Ozdemir et al., 2023). With the benefits and drawbacks of
human influencers removed, artificial intelligence-powered VIs present a novel means of
engaging customers, particularly younger generations (Wang et al., 2025; Yu et al.,
2024).

By expanding reach and engagement, VIs enhances brands’ marketing performance
(Kim et al., 2024). VIs has established partnerships with major businesses, command
premium market prices, and improve marketers’ financial performance (Fauser et al.,
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2023). Consequently, virtual influencer marketing (VIM) is becoming increasingly
popular among both consumers and marketers, serving as a powerful tool for connecting
brands with their target audiences (Tafesse and Wood, 2021). Regarding source
credibility, influencer characteristics and perceived credibility indirectly affect consumer
engagement, purchase intention (PI), and brand trust (Sokolova and Kefi, 2020). As
social media influencers (SMIs) dominate the digital environment and influencer
marketing continues to increase, marketers must increase their involvement in this
marketing strategy.

VIs operate through several psychological and perceptual mechanisms. Four key
components characterise how VIs affect consumer behaviour: parasocial interaction
(PAR), perceived realism (PR), attractiveness (AT), and trustworthiness (TR) (Yap and
Ismail, 2022). PAR refers to the one-sided psychological relationship that consumers
form with VIs, in which followers perceive the influencer as a ‘friend’ or trusted
companion despite the absence of real-life interaction. This connection can strengthen
emotional engagement and influence decision-making (Yap and Ismail, 2022). PR is the
extent to which consumers believe the VI behaves, appears, and communicates in a
human-like manner. High realism increases believability and facilitates deeper consumer
involvement with the message (Casalo et al., 2020). AT refers to the VI’s physical appeal
or charm, which often enhances persuasion through the peripheral route of processing,
particularly for low-involvement consumers (Sokolova and Perez, 2021). Attractive
influencers tend to generate higher engagement and more favourable attitudes towards a
brand. TR reflects the perceived honesty, integrity, and dependability of the VI
Consumers are more likely to accept a VI’s message and develop brand trust if the
influencer is perceived as credible and sincere (Sokolova and Kefi, 2020). These four
components form the conceptual basis for evaluating the extent to which VIM influences
consumer behaviour (Sokolova and Perez, 2021). Yap and Ismail (2022) find that
parasocial relationships with VIs on Instagram enhance the PI of Generation-Y
consumers. In addition, Casal6 et al. (2020) demonstrate that PR increases trust and
positive consumer attitudes.

This conceptualisation provides the foundation for hypothesising how VIM affects PI,
particularly in terms of brand familiarity (BF) and product involvement (PIN). However,
few studies have investigated the extent to which social influencer marketing and VIM
affect PI using both PIN (Chiu and Ho, 2023) and BF (McClure and Seock, 2020) as
mediators. Additionally, limited research exists on PI for sports products in the
Philippines (Giango et al., 2022), although several studies have examined the influence of
SMIs on PI in context of the Philippines (Singco et al., 2023; Soria, 2024).

This study identifies the influence of VIM on PI for sports products in the
Philippines. In particular, it aims to examine the effects of VIM on PIN, BF, and PI;
explore the relationships among PIN, BF, and PI; and investigate the mediating roles of
PIN and BF in the relationship between VIM and PI. This study contributes to the
growing field of media business studies by applying the stimulus-organism-response
(S-0O-R) framework (Russell and Mehrabian, 1974) to VIM, a rapidly evolving
media-based strategy increasingly used across digital and social media platforms
(Allal-Chérif et al., 2024; Tafesse and Wood, 2021). Theoretically, this approach expands
existing models by positioning PIN and BF as mediators, providing a more nuanced
understanding of how VIM affects consumer PI (Chiu and Ho, 2023; Jacob and Tan,
2021). Empirically grounded in the Philippine sports goods sector, this study offers
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insights into how media technologies can increase consumer engagement and branding
outcomes.

The results are extremely relevant to media managers, influencer marketers, and
advertising strategists who seek to optimise campaign design in a fragmented and
competitive digital environment. The findings demonstrate how VIs can be selected and
deployed to align tactics with psychological drivers of consumer behaviour.

2 Literature review

2.1 Theoretical basis

Consumers’ purchasing purpose influences how they process information and form brand
preferences; lower involvement leads to automatic processing and higher involvement
prompts deliberate decision-making. This phenomenon, known as PIN, significantly
affects customer behaviour, including PI (Peng et al., 2019). In high-involvement
purchases, consumers actively seek and analyse product information while forming
opinions, whereas in low-involvement scenarios, they engage in minimal evaluation (Lee
et al,, 2017). Lee et al. (2017) note that consumers engaging in high-involvement
purchases are more likely to evaluate products more thoroughly and consider alternative
options when the product holds substantial relevance or value.

BF refers to the extent of a consumer’s accumulated direct or indirect brand-related
experiences (Jacob and Tan, 2021), or the extent to which a consumer recognises or
recalls a brand. In social media and influencer marketing, familiarity shapes consumer
behaviour because it enhances the credibility and effectiveness of promotional messages
(Martinez-Lopez et al., 2020). Consumers are more likely to trust familiar brands,
especially when these brands are promoted by VIs, which leads to increased PI (Lim
et al., 2017). Familiarity increases consumers’ ability to recall advertisements for known
brands, decreases their susceptibility to rival advertising, and strengthens PI through
repeated interactions (Azzari and Pelissari, 2020). Therefore, familiarity serves as a
psychological shortcut that reduces uncertainty and facilitates decision-making in
digitally mediated environments.

We propose a modified conceptual framework based on the S-O-R model developed
by Russell and Mehrabian (1974), which is fundamental for understanding consumer
behaviour. This model indicates that individuals’ emotional states (organism) are
influenced by their surroundings (stimulus), which, in turn, shape their behavioural
responses (response; Manthiou et al., 2017). Therefore, it provides insights into the
psychological changes elicited by environmental stimuli (Lin et al., 2020). The S-O-R
model is particularly relevant to this study because it conceptualises VIM as the external
stimulus, PIN and BF as internal organismic states, and PI as the behavioural response.

In addition to the S-O-R model, this study adopts the elaboration likelihood model
(ELM) to examine how persuasive communication through VIM shapes consumer PI on
social media. The ELM posits that attitudes form through either the central route, which
involves thoughtful, analytical processing of information, or the peripheral route, which
relies on heuristics, such as attractiveness or familiarity (Petty and Cacioppo, 1986).

In the social media context, the peripheral route, which is triggered by cues such as
influencer attractiveness or parasocial connection, often dominates because users
experience information overload and require reduced cognitive effort (Moradi and
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Zihagh, 2022; Shi et al., 2018). However, when consumer involvement with the product
or brand is high, the central route of persuasion is activated (Moradi and Zihagh, 2022).
For example, consumers may process VI content more profoundly if they are personally
engaged with the promoted product (high PIN), or if they are already familiar with the
brand (BF).

Recent reviews and empirical studies confirm the relevance of the ELM in explaining
consumer engagement and behavioural intentions on social media platforms (Moradi and
Zihagh, 2022; Shi et al., 2018). Shi et al. (2018) also reveal that both central cues — such
as message quality and value congruence — and peripheral cues, such as homophily and
relationship strength, significantly affect content sharing behaviour on social networking
sites. This dual-pathway framework helps explain how VIM may affect consumers
differently depending on their levels of involvement or BF, thereby reinforcing the
mediating logic of our model.

2.2 Hypotheses development and conceptual framework

2.2.1 Influence of VIM

High product engagement tactics, such as telepresence, co-creation, and creativity,
significantly influence consumer responses. By contrast, low-involvement tactics, which
rely on interaction — a less cognitively demanding process — enhance brand engagement
and indirectly affect consumer behaviour (Cowan and Ketron, 2019). Kim et al. (2024)
reported that VIs indirectly shape customer engagement, PI, and brand trust through their
perceived realism and persuasive attributes. Yap and Ismail (2022) demonstrate that
parasocial connections significantly influence the PI of Generation-Y consumers through
VI interactions on Instagram. Additionally, well-known brands exert a stronger positive
effect on PI and brand trust than lesser-known brands (Ha and Perks, 2005). These results
lead to Hypotheses 1, 2, and 3.

e Hypothesis 1 (H1): VIM positively influences PIN.
e Hypothesis 2 (H2): VIM positively influences PI.
e  Hypothesis 3 (H3): VIM positively influences BF.

2.2.2 Influence of PIN and BF

The interaction between affective and cognitive PIN affects PI (Drossos et al., 2014).
Numerous studies confirm a positive relationship between PIN and PI (for example, Zhu
et al.,, 2019). However, Serravalle et al. (2023) find no significant direct relationship
between PIN and PI. Although PIN generally influences PI, these effects may be
conditioned by moderating variables such as situational or contextual factors (Peng et al.,
2019). Other researchers identify a significant positive relationship between BF and
consumers’ PI (for example, Jacob and Tan, 2021). According to Ha and Perks (2005),
BF influences consumers’ PI and develops brand trust. Thus, we propose Hypotheses 4
and 5.

e Hypothesis 4 (H4): PIN positively influences PI.
e Hypothesis 5 (H5): BF positively influences PI.
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2.2.3 Mediating roles of PIN and BF

Fauser et al. (2023) observe wide variability in consumers’ acceptance of and
trust in VIs’ product endorsements. Ozdemir et al. (2023) reveal that PI, brand trust,
consumer engagement, and related responses are not directly determined by influencer
type — whether human, humanised virtual, or animated virtual — nor solely by sponsorship
disclosure. However, these factors indirectly affect PI, brand trust, and consumer
engagement when mediated by the source’s credibility. Chiu and Ho (2023) report that
knowledge of VIs does not affect Generation Z’s PI, regardless of their involvement with
different products. Jia et al. (2022) identify an indirect relationship between perceived
influence and virtual engagement with PI, which is mediated by brand image and
perceived value. Yunpeng and Khan (2023) state that BF significantly mediates the
relationship between affective and behavioural brand experiences. Based on these
findings, we propose Hypotheses 6 and 7.

e Hypothesis 6 (H6): PIN mediates the relationship between VIM and PI.
e Hypothesis 7 (H7): BF mediates the relationship between VIM and PI.

Figure 1 presents the conceptual framework of the study. We hypothesise that VIM
influences PI directly and indirectly through two mediating variables: PIN and BF. H1 to
H7 represent the proposed direct and indirect relationships.

Figure 1 Conceptual framework

Hs: VIM— PIN — PI

Product
Involvement (PIN) H
H, b
Virtual Influencer H, N Purchase
Marketing (VIM) Intention (PI)
H, H,
Brand
Familiarity (BF)

H;: VIM— BF — PI

Note: H: hypothesis; VIM: virtual influencer marketing; PIN: product involvement;
PI: purchase intention; BF: brand familiarity.

3 Materials and methods

3.1 Sampling procedure

The target population comprised respondents from Manila, the capital and primary hub of
the Philippines. This group comprised Filipino consumers who had exposure to or
interest in sports goods, which aligns with the study’s focus. Respondents were primarily
recruited from Metro Manila, the capital region and commercial centre that contains a
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significant concentration of retail outlets, shopping malls, and e-commerce users engaged
in sports-related purchases (Philippine Statistics Authority, 2023). To ensure relevance,
the study targeted digitally active consumers who possibly had experience with or
awareness of VIM campaigns in the sports goods sector.

We used convenience sampling, a commonly applied approach in contemporary
marketing research when probability sampling is impractical or respondents are accessed
online (Kim et al., 2024), to collect data from sample respondents. This method was
chosen because of the easy access to respondents who actively engage with VIs on social
media. Convenience sampling allowed us to collect data quickly and efficiently within
the target population. Data were obtained between July and September 2024 using a
structured questionnaire distributed via online channels, such as e-mail and social media
platforms (Facebook and LinkedIn), in which sports enthusiasts and brand followers
frequently interact with sponsored and influencer content. Following Hair et al. (2019), a
minimum sample of 200 respondents was considered sufficient for applying partial least
squares-structural equation modelling (PLS-SEM). We obtained valid responses from
319 participants, exceeding the recommended threshold. Of these, two-thirds were men,
and most were aged 19-30 years (Supplementary Table S1).

3.2 Measurement items

Measurement items for this study’s constructs were obtained from previous research.
Four groups of items for VIM — parasocial interaction (PAR1-PARS), perceived realism
(PR1-PRS), attractiveness (AT1-ATS5), and trustworthiness (TR1-TR5) — were adopted
from Yap and Ismail (2022). Items for PIN (PIN1-PIN6) were sourced from Akbar and
El-Gohary (2022) and Zaichkowsky (1994), while items for BF (BF1-BF6) were taken
from Akbar and El-Gohary (2022) and Kent and Allen (1994). Items for PI (PI1-PI5)
were sourced from Kok Wei and Li (2013). The questionnaire comprised two sections.
The first section collected demographic information from respondents, including gender,
age, education, and occupation. The second section required respondents to answer the
measurement items using a five-point Likert scale. A pilot test was conducted with 25
respondents, and the questionnaire was refined based on their feedback.

We modelled VIM as a reflective-reflective second-order construct that comprises
four dimensions: PAR, PR, AT, and TR. This approach follows Sarstedt et al. (2019) and
assumes that changes in the overall perception of VIM are consistently reflected across
its subdimensions.

3.3 Data analysis

We analysed the data using IBM SPSS version 25 (IBM Corp., Armonk, NY, USA) and
SmartPLS version 4. The hypothesised relationships were tested using PLS-SEM, which
is appropriate for studies involving small samples (Hair et al., 2011). Furthermore, we
examined the hypothesised mediating relationships among the variables, for which
PLS-SEM is also a highly suitable statistical approach.

3.4 Ethical approval

This study received ethical approval from the Ethics Committee of the Institute for
Research, Innovation, and Sustainability at the Philippine Christian University in Manila
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(Approval No. 0217-2025). Participants were informed of the purpose of the data
collection prior to the study, and they provided written informed consent.

4 Results

4.1 Measurement model analysis

In Table 1, all items’ standardised factor loadings were statistically significant and
greater than 0.70, which indicates that the items converged on their latent constructs.
According to Hair et al. (2019), Cronbach’s alpha values should exceed 0.70 to be
considered acceptable. Additionally, all average variance extracted (AVE) values were
greater than 0.50, which demonstrates that the latent construct accounted for
approximately half the variance in the observed variables on average. The construct
reliability (CR) values reveal that each measure was consistently represented by its
corresponding latent construct. Therefore, the factor loadings, AVE values, and CR
values met the statistical criteria, indicating that this study’s constructs had adequate
convergent validity.

Discriminant validity was assessed using the heterotrait-monotrait (HTMT) ratio and
the Fornell-Larcker criterion. According to Hair et al. (2019), HTMT values below 0.90
indicate that the constructs are distinct. Discriminant validity is also achieved when the
square root of the AVE is greater than the correlation coefficients for all constructs
(Fornell and Larcker, 1981). As shown in Table 2, the square roots of the AVE values for
all constructs are greater than their respective correlation coefficients, indicating that the
constructs are distinct and capture phenomena that other constructs do not.

In the second stage, we evaluated the reliability and validity of all second-order
constructs. VIM 1is a reflective-reflective second-order construct that comprises four
first-order constructs: PAR, PR, AT, and TR. Sarstedt et al. (2019) propose a disjoint
two-stage approach for generating second-order constructs. Table 3 reveals that all
higher-order and first-order constructs demonstrated convergent validity.

Table 4 presents the discriminant validity of the second-order constructs in relation to
the other first-order constructs. The results demonstrate that discriminant validity is also
present in this case.

4.2  Structural model analysis

We performed a structural model analysis to estimate the significance of the path
coefficients and test the proposed hypotheses, following the PLS-SEM guidelines of Hair
et al. (2011). Bootstrapping with 5,000 subsamples was used, and the structural model
was estimated using SmartPLS version 4 (Ringle et al., 2024). The R-squared values
indicate that 37.1% of the variation in BF, 54.2% of that in PIN, and 77.9% of that in PI
are explained by the model. Table 5 presents the direct paths, 5, t-statistics, and p-values.
The results highlight that VIM exerts a significant positive effect on PIN (£ = 0.737,
t=17.681, p <0.001, 2 =1.186) and BF (f=0.563, t = 10.129, p < 0.001, f*> = 0.464).
Additionally, PI was significantly and positively influenced by BF (8= 0.602, t = 9.411,
p <0.001, f2=0.655) and PIN (8= 0.171, t = 2.316, p < 0.05, /> = 0.035). Furthermore,
VIM also significantly positively affected PI (8= 0.201, t = 3.854, p < 0.001, /> = 0.084).
Therefore, H1-HS was supported.
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CR and validity (first-order constructs)
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CR and validity (first-order constructs) (continued)
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Figure 2 Measurement model
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PAR: parasocial interaction; PR: perceived realism; AT: attractiveness;

Note: PIN: product involvement; PI: purchase intention; BF: brand familiarity;
TR: trustworthiness.
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Table 2 Discriminant validity (first-order constructs)

HTMT AT BF PAR PR PIN PI TR

AT

BF 0.586

PAR 0.542 0.218

PR 0.690 0.554 0.575

PIN 0.760  0.821 0.385  0.719

PI 0.584 0.896 0.445 0.664 0.838

TR 0.536 0459  0.621 0872 0.633  0.599

Fornell-Larcker criterion AT BF PAR PR PIN PI TR

AT 0.943

BF 0.567  0.824

PAR 0.534 0208 0.914

PR 0.660 0.544  0.552 0885

PIN 0.732  0.771 0.376  0.683 0.861

PI 0.566 0.842 0426 0.637 0.783 0.880

TR 0.528 0455 0.598  0.837 0.609  0.573 0.958

Note: HTMT: heterotrait-monotrait; BF: brand familiarity; PI: purchase intention;
PR: perceived realism; AT: attractiveness; TR: trustworthiness; PAR: parasocial
interaction; PIN: product involvement.

The mediation analysis results revealed that VIM significantly and positively influenced
PI through PIN (8= 0.126, t = 2.382, p < 0.5). Additionally, VIM exerted a significant
positive indirect effect on PI through BF (8= 0.339, = 8.720, p < 0.001). Therefore, H6

and H7 were supported. Figure 2 presents the results of the measurement model.

These significant relationships suggest that VIM can enhance consumers’ PIN and
BEF. Therefore, brands collaborating with VIs should improve audience engagement and

strengthen Pls.

Table 3 CR and validity after generating the second-order constructs
Factor Cronbach’s
Construct Item Scale type loading alpha CR AVE
VIM (higher-order PAR Reflective 0.738 0.908 0.713
construct) 0.922
0.826
0.879
Product PIN1 Reflective 0.885 0.930 0.945 0.742
involvement (PIN) PIN2 0.865
PIN3 0.924
PIN4 0.887
PINS 0.824
PING6 0.774
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Table 3 CR and validity after generating the second-order constructs (continued)
Construct Item Scale type IIZZ(ZZ; Cn;’;;jzgh E CR AVE
Brand familiarity BF1 Reflective 0.838 0.905 0.926 0.677
(BF) BF2 0.733
BF3 0.789
BF4 0.856
BF5 0.885
BF6 0.826
Purchase intention PI1 Reflective 0.847 0.927 0.945 0.775
(PD) PI2 0.906
PI3 0.949
Pl4 0.873
PI5 0.819
Note: CR: construct reliability; AVE: average variance extracted; VIM: virtual influencer
marketing; PR: perceived realism; AT: attractiveness; TR: trustworthiness.
Table 4 Discriminant validity after generating the second-order constructs
HTMT BF PIN PI VIM
BF
PIN 0.821
PI 0.896 0.838
VIM 0.564 0.786 0.721
Fornell-Larcker criterion BF PIN PI VIM
BF 0.823
PIN 0.775 0.861
PI 0.848 0.785 0.880
VIM 0.563 0.737 0.666 0.844
Note: HTMT: heterotrait-monotrait; BF: brand familiarity; PIN: product involvement;
PI: purchase intention; VIM: virtual influencer marketing.
Table 5 Results of the structural model
Direct paths B t P F Result
Hi. VIM — PIN 0.737 17.681 0.000 1.186 Supported
Hz. VIM — PI 0.201 3.854 0.000 0.084 Supported
Hs. VIM — BF 0.563 10.129 0.000 0.464 Supported
H4. PIN — PI 0.171 2316 0.021 0.035 Supported
Hs. BF — PI 0.602 9411 0.000 0.655 Supported
Indirect paths
Hs. VIM — PIN — PI 0.126 2.382 0.017 - Supported
H7. VIM — BF — PI 0.339 8.720 0.000 - Supported

Note: H: hypothesis; VIM: virtual influencer marketing; PIN: product involvement;
PI: purchase intention; BF: brand familiarity.
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To facilitate interpretation of the structural relationships and mediating mechanisms,

Figure 3 provides a visual synthesis of the direct and indirect effects of VIM on PI.

Figure 3 Visual summary of the effects of VIM on PI through product involvement and BF
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5 Discussion

Influencer marketing is an effective branding and marketing strategy that increases brand
salience and attracts social media users, particularly younger generations, to companies.
Although numerous studies examine how SMIs affect consumers’ desire to make
purchases, (e.g., Leung et al., 2022), this study contributes to the literature by analysing
the effect of VIM on PI for sports goods in the Philippines. Four variables are considered,
including the mediating effects of PIN and BF, and seven hypotheses are developed, all
of which are supported by the results.

First, VIM positively and significantly affects PIN, PI, and BF, which is consistent
with the results of previous studies (Kim et al., 2024; Yap and Ismail, 2022). Yuan and
Lou (2020) reveal that influencer fairness and trustworthiness improve the PARs that
followers have with influencers, increasing followers’ interest in products endorsed by
influencers. De Veirman et al. (2017) demonstrate that Instagram influencers with large
followings are considered likeable because they are popular, which allows them to use
word-of-mouth marketing on a large scale. Furthermore, Balaban et al. (2022) illustrate
that SMIs’ trustworthiness is positively affected by their parasocial connections, which
create favourable views towards the business and increase both the intention to purchase
promoted goods and the intention to share content on social media. AT is also crucial in
emotional advertising appeal and positively influences consumers’ attitudes toward the
brand (Sokolova and Kefi, 2020). According to Yap and Ismail (2022), VIs’ involvement
on Instagram with Generation-Y customers significantly affects their Pl because of
parasocial connections. Customers’ perceptions of a brand and their purchase decisions
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are significantly affected by the influencer’s natural qualities, such as popularity,
competence, and credibility.

Second, the effect of PIN and BF on PI is both positive and significant. This finding
is consistent with Leung et al. (2022), who demonstrate that influencers’ attributes
strengthen endorsement effectiveness and positively shape consumers’ Pls. PIN serves as
a precursor to consumers’ purchase engagement. According to Drossos et al. (2014),
when viewers become involved with a product in online advertising, they are more
motivated and able to assimilate information quickly. Consequently, consumers pay
greater attention to advertisements and process the content more profoundly when a high-
involvement product is offered.

By contrast, Cabeza-Ramirez et al. (2022) reveal no connection between PI and the
product. This may be because individuals who are highly active in the fashion industry
follow influencers primarily to remain informed about trends. However, Mou et al.
(2019) state that customers are more inclined to favour products when they have active
involvement with them. Consumers’ desire to purchase a product is influenced by their
strong emotional connections with the product.

According to the involvement hypothesis, when consumers experience a high degree
of product engagement, they allocate more cognitive resources to processing information,
which strengthens their attitudes and leads to higher PI and actual buying behaviour
(Petty and Cacioppo, 1986). Prior empirical work confirms that deeper PIN measured
both affectively and cognitively, enhances consumers’ perception of product attributes
and increases their likelihood of purchasing (Zaichkowsky, 1994). In the VIM context,
this indicates that campaigns designed to increase high involvement, such as interactive
demonstrations and co-creation experiences, are especially effective at altering
perceptions and driving PI. Ha and Perks (2005) demonstrate that BF affects customers’
PI and increases brand trust.

Third, PIN and BF serve as mediators. Consistent with these findings, Rachmawati
et al. (2019) highlight that the relationship between product knowledge and purchase
decisions can be processed through PIN, even when product knowledge does not affect
purchase decisions directly. By contrast, another finding demonstrates that having an
SMI and a parasocial relationship are not necessary conditions for being an Instagram
follower. However, a moderating effect of PIN is observed, because followers who report
high involvement only exhibit significant parasocial relationships with SMIs (Balaban
et al., 2022). Yunpeng and Khan (2023) find that BF mediates the relationship between
emotional and behavioural brand experiences. Jia et al. (2022) claim that brand image
and anticipated value indirectly affect the relationship between perceived effect and
online interaction with PI.

5.1 Managerial implications

The results are based on a thorough analysis and reliable data; therefore, they should be
helpful to executives, marketing managers, social media managers, digital marketing
managers, legislators, and brand managers. The findings provide practical guidance for
marketers. Campaigns using VIs should focus on building BF and enhancing PIN, as
these mechanisms are central to translating VI exposure into stronger consumer PIs. First,
influencers can increase their parasocial ties with followers by developing visually
appealing personas that convey similarities. Relationship building also depends on
procedural fairness, which refers to whether interactions with influencers are two-way
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and partly reciprocal, and interpersonal fairness, which concerns how influencers treat
followers. To maintain long-lasting relationships with followers, influencers should treat
them appropriately and respectfully by considering their expectations and feelings (Yuan
and Lou, 2020).

Second, this study offers management insights into influencer advertising, including
follower considerations, content briefings, and celebrity selection. Companies may select
influencers who provide unique content to improve elasticity and invest in those with a
larger following. In addition to evaluating influencers’ reach, such as the number of
followers, and whether they behave appropriately and maintain reciprocity in their
relationships with supporters, businesses and marketers seeking influencer marketing
should also consider influencers’ expertise in specific fields (distributive fairness) and the
morality of their knowledge sharing (informational equality). Businesses can increase
their flexibility by selecting influencers who share unique content. They should
encourage influencers to include hyperlinks to brands and URL links in their posts to
increase the sponsor brand’s visibility (Leung et al., 2022).

Third, because the survey focused on PI for sports products in the Philippines,
managers can selectively identify the social media platforms and sites that are primarily
used in the Philippines, as well as the characteristics of the influencers preferred by the
target audience. This approach enables a more accurate assessment of the effect of
advertising messages. Therefore, marketing managers should select the appropriate
influencer based on audience segmentation by generational cohort.

Finally, this study illustrates a dual effect on PI for high-involvement products: a
direct effect and an indirect influence through a message’s perceived credibility.
Therefore, managers should identify an ideal product with a specific attribute related to
audience engagement, such as technical or ecological characteristics.

5.2 Theoretical implications

This study contributes to the marketing literature by examining companies’ use of
influencer marketing to evaluate its effectiveness in driving PI. First, the analysis of post
attributes highlights the unique aspects of the influencer marketing approach. Unlike
celebrity endorsers, influencers create original content for brands, and the level of
originality in their shared material serves as a distinctive attribute. Second, PIN and BF
are positioned as mediators, diverging from prior research that treated these variables as
moderators. This approach allows for a more comprehensive analysis of their mediating
effects. Finally, the results have implications for media literacy, particularly in designing
programmes aimed at increasing critical consumption among young audiences, whose
media consumption often includes significant exposure to SMI content.

6 Conclusions

This study aimed to examine the effects of VIM on PIN, BF, and PI for sports products in
the Philippines, with particular attention to the mediating roles of PIN and BF. The
results support all seven proposed hypotheses, revealing that VIM significantly affects
PIN, BF, and PI, both directly and indirectly through the mediators.
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The study results contribute to the literature and provide valuable theoretical and
practical insights for marketing and brand managers. These findings can guide the
development of effective strategies for selecting VIs by considering their key attributes.

Theoretically, this research advances the understanding of VIM by positioning PIN
and BF as mediators within the S-O-R framework. Practically, it offers actionable
insights for marketing managers who seek to leverage VIs to enhance consumer
engagement and PIN.

Despite these contributions, a few limitations should be acknowledged. First,
focussing on PAR, PR, TR, and AT as the key determinants of how VIs influence PIN,
BF, and PI provides opportunities for broader exploration. Future studies can examine
additional influencer attributes, such as consistency, (e.g., derived from previous posts),
personality traits, (e.g., humour and confidence), perceived authenticity, originality, and
endorsement history. Understanding these factors can help businesses increase their
influencer marketing strategies efficacy.

Second, the use of convenience sampling limits the ability to establish causality in
empirical investigations. Future research could address this limitation by employing
cross-sectional or longitudinal study designs, which will enable a more robust analysis of
the relationships observed in this study and provide comparative insights. Mixed-method
approaches that integrate quantitative and qualitative techniques can further enrich the
understanding of how VIM differs from traditional marketing in influencing PI.

Third, the study does not consider the cost structures associated with influencer
marketing, including expenses incurred on live-streaming platforms and for hiring
influencers. Marketing costs can vary significantly across influencers, which is a crucial
consideration for businesses when formulating strategies. Future studies can investigate
the relationship between product sales and influencer marketing costs, providing
recommendations for maximising profitability and optimising influencer strategies.

Finally, although generating consumer engagement, such as followers, feedback, and
reports, is a key objective of influencer marketing, not all types of engagement equally
translate into purchase behaviour. Variations in consumer interaction with different
influencers or posts may result in different search behaviours and purchase likelihoods.
With advanced tracking technologies, businesses can monitor website traffic and
click-through rates to identify the specific contributions of individual marketing
campaigns. Further research can examine the factors influencing click-through and
sales-based elasticity to determine how specific influencer marketing strategies directly
affect a business’s bottom line.

Overall, this study establishes a foundation for future research on VIM and offers
valuable guidance for practitioners who aim to optimise digital marketing strategies in the
sports goods sector.
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Variable Category N Percentage (%)
Gender Men 215 67.4
Women 104 32.6
Age 19-30 years 169 52.98
3140 years 131 41.07
41 years and above 19 5.95
Highest High school 37 11.60
edugation Some college (did not complete a degree) 67 21.00
attainment
Bachelor’s degree 168 52.66
Master’s degree or higher 47 14.73
Occupation Student 62 19.44
Professional (employed in a skilled or specialised 196 61.44
field)
Entrepreneur (self-employed or business owner) 26 8.15
Unemployed 35 10.97




