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Abstract: Artificial intelligence (AI) is shaping the future of e-service delivery 
systems (e-SDSs). However, the implementation of AI in e-service delivery 
requires customers to adopt these disruptive technologies. To fulfil this aim, we 
developed a model to explore customers’ service delivery process perceptions 
of AI-based e-service systems. Using behavioural reasoning theory, the 
technology acceptance model and the service process perception model, this 
study examines the impact of ‘reasons’ (for and against) service process 
perception on customer attitude and intention. This study also finds the 
mediating effect of customer attitude on the impact of reasons (for and against) 
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on intention. Data was collected from 441 Indian e-retail customers. This 
research uses mediated regression to examine the direct and mediated effects. 
The findings show the direct impact of service process perceptions on the 
attitude and intention to be significant. The results also suggest the partial and 
full mediating effects of attitude. 

Keywords: service process; service delivery; customer satisfaction; mediated 
regression; India; artificial intelligence. 
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1 Introduction 

Artificial intelligence (AI), big data analytics (BDA), and the Internet of Things (IoT) are 
some disruptive technologies that are altering how services are provided in both online 
and offline environments (Aloysius et al., 2018). Online service providers are using 
disruptive technologies to attract and retain new and existing customers, respectively. 
Artificial intelligence is one such technology which provides a competitive advantage to 
online service providers by enhancing the service offering i.e., service outcomes and 
service process (Huang and Rust, 2018). The usage of AI-related technologies has been 
documented in numerous studies in various fields and applications, including education 
(Chen et al., 2020), agriculture (Jha et al., 2019), medical (He et al., 2019), construction 
(Pan and Zhang, 2021), aviation sustainability (Singh et al., 2023), public sector  
(de Sousa et al., 2019), tourism (Tussyadiah, 2020) etc. In 2020, the global AI market 
size was USD 65 billion and estimated growth is with a CAGR of 38% to reach USD 
1581 billion from 2021 to 2030 (Keshav et al., 2022). In India, the AI market is estimated 
to reach $3.935.5 million by 2028, growing at a CAGR of 33.28% between 2023 and 
2028 (Stanly, 2023). 

Many authors have emphasised the importance of the service process when compared 
to service outcomes in service delivery (Dabholkar and Overby, 2005; Gupta et al., 
2020b; Gupta et al., 2021b; Liu et al., 2016). Several studies have suggested that  
online service providers can provide a good service process experience by using  
AI-related features in their service delivery (Bokhari and Myeong, 2022; Chi et al., 2020; 
Gursoy et al., 2019; Payne et al., 2021). Lemon and Verhoef (2016) propose a process 
framework for the customer journey and experience and suggest that the process view of 
the service delivery presents a stronger understanding to map the customer journey and 
subsequent experience. Artificial intelligence (AI) tracks customers’ real-time data during 
service delivery and acts fast built on the needs of the customer. AI predicts customers’ 
next move and provides a better customer experience. Reis et al. (2020) highlighted the 
latest developments in AI on service delivery systems (SDSs) and suggested the 
advantage of using AI-based technologies such as machine learning (ML), Artificial 
Neural Networks (ANN), Deep Learning, Speech (such as speech to text and text to 
speech), Vision (such as image recognition and machine vision) and Natural Language 
Processing (NLP) in reducing the service lead times in different stage of online SDSs. 
Multiple stages of the electronic service delivery system process (e-SDSP), including the 
information searching process, agreement process, fulfilment process, and post-sales  
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service process, have been proposed by numerous authors (Gupta et al., 2020a; Xu et al., 
2017a). AI-based technologies are helping customers during various stages of the e-SDSP 
such as the use of AI-based deep learning techniques in autonomous drones for last-mile 
deliveries. Many online service providers are using chatbots as an option to communicate 
with the customers during search, agreement and after-sales service stages (Hill et al., 
2015; Xu et al., 2017b). Brill et al. (2019) looked at consumer satisfaction in service 
delivery when using AI tools like Siri, Alexa and Google Assistant. 

In a study conducted by Aloysius et al. (2018), the authors studied the big data 
initiatives in service delivery and suggested a research framework that proposes the 
perception of a service process impacts the service outcomes in retail stores. In their 
study, they have taken customers’ perception of service processes such as technology 
enablers (ease of use and usefulness) and privacy issues (unauthorised access, secondary 
use, errors, and collection) and their impact on service outcomes such as repatronage 
intention, store image and intention to use the medium. Many authors have reasoned that 
the service process perceptions of an e-service delivery system (e-SDS) influence the 
customer’s satisfaction and intention (Sachan et al., 2018; Wolfinbarger and Gilly, 2003; 
Zeithaml et al., 2002). There is a dearth of literature research which studies the service 
process perceptions in an AI-based e-SDS and its effects on the service outcomes such as 
attitude and intentions. 

This study relies on the behavioural reasoning theory (BRT) framework to study the 
impact of service process perceptions (grouped into ‘reason for’ and ‘reason against’) on 
the customer attitude and intention towards online service providers. This study also aims 
to find out the mediating effect of customer attitudes towards online service providers on 
the relationship between service process perceptions and intention towards online service 
providers. Figure 1 illustrates how this study positions itself to close the conceptual gap 
that exists in the body of literature on the relationship between service delivery and ICT 
use. The e-retailing industry, which is a subset of online services, is considered as the 
research context and Indian customers as the sample for the study. The study (Halvorsrud 
et al., 2016) presents seven theory-driven constructs covering three domains, namely 
belief, attitude, and intention about technology-mediated SDS from a customer’s 
perspective. The goal of this study is to determine whether perception about e-SDS and 
intention towards the service provider are associated in a way that is mediated by attitude 
towards the service provider’s website. 

The study model and developing hypotheses are discussed in Section 2 using 
background information from the literature review. The methodology and results are 
covered in Sections 3 and 4 respectively. Sections 5 and 6 have been devoted, 
respectively, to the discussion and implications. Section 6 discusses the conclusion, the 
research’s shortcomings, and its future directions. 

2 Theoretical background and development of hypothesis 

2.1 Behavioural reasoning theory (BRT) framework 
Behavioural reasoning theory (BRT) is considered one of the important frameworks for 
understanding the customer’s decision-making process in a given context. BRT 
framework suggests a linkage of values or beliefs, reasons, motives, intentions and 
behaviour (Sivathanu, 2018). BRT offers an advantage over other theories such as theory 
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of reasoned action (TRA) and theory of planned behaviour (TPB) by providing rich 
contextual information. BRT offers two measures of ‘reasons’, i.e., ‘reason for’ and 
‘reason against’ which helps to well appreciate the human decision-making process by 
providing not only the opposite but also two different perspectives, context-specific 
information, role of beliefs/values in predicting reasons and cognitive routes through 
reasons (Sahu et al., 2020). 

Figure 1 Research gap area 
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2.2 Service process perception model 

Aloysius et al. (2018) have put forth a service process perception model and authors 
propose that customers’ assessments of service process features shape their opinion of the 
service process, which may then influence outcome judgements (Figure 2). Gupta et al. 
(2020a) have studied the impact of service process beliefs on service outcomes such as 
customer attitude and customer intentions. Ba and Johansson (2008) investigated the role 
of the perceived online services process on customer satisfaction in a technology-enabled 
online service. Kumar et al. (2020) have observed the impact of process perception in 
internet banking services on customer satisfaction and behavioural intention. Many 
authors have highlighted the importance of e-service from the process perspective (Gupta 
and Sachan, 2018, Gupta et al., 2020a, 2020b, 2021a, 2021b; Gupta et al., in press a, b; 
Kumar et al., 2021; Tsung et al., 2008). 

Figure 2 Service process perception model (see online version or colours) 
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2.3 Hypothesis development 

2.3.1 ‘Reason for’ service process perceptions in e-SDS 
2.3.1.1 Perceived usefulness (PU) 
The extent to which interaction between a consumer and a service provider in a 
technology-mediated service satisfies the customer’s perceived requirements and desires 
is referred to as perceived usefulness. Prior studies have shown that when a consumer 
receives benefits or draws value from the service provider’s SDS, their behavioural 
intention to continue using that service provider will increase (Gokmenoglu and Hesami, 
2020; Kaurav and Gupta, 2022; Kumar et al., 2021; Hadi and Besra, 2022; Wilson et al., 
2021). Perceived usefulness is seen as a key indicator of attitude and intention to use  
the technology acceptance model (TAM) (Davis et al., 1989; Mou et al., 2017; Wilson et 
al., 2021; Hadi and Besra, 2022). It provides the estimated value a customer derives from 
the SDS using the cost-benefit method (Heskett et al., 2010; Roth and Menor, 2003). 
Therefore, the following hypothesis is proposed: 

H1a: Perceived usefulness (PU) in AI-based e-SDS positively influences customer 
attitude towards online service providers. 

H2a: Perceived usefulness (PU) in AI-based e-SDS positively influences customer 
intention towards online service providers. 

2.3.1.2 Perceived ease of use (PEOU) 
The degree to which an encounter between a customer and a service provider in a 
technology-mediated service is seen as free of effort from the customer’s point of view is 
referred to as perceived ease of use. Numerous earlier studies suggest that when less 
effort is needed during the SDS, behavioural intention to use the same service provider 
would increase (Gupta et al., 2021a; Taherdoost, 2018). Perceived ease of use is regarded 
as a crucial indicator of usage in the future in the TAM (Davis et al., 1989). Customers 
found perceived ease of use to be a key consideration when choosing the SDS of another 
online retailer (Prastiawan et al., 2021; Setiawan and Setyawati, 2020; Wilson et al., 
2021). Customers’ concerns regarding the work needed and the process complexity apply 
to SDSs. In terms of attributes of perceived ease of use, these two qualities–effort and 
complexity–are significant (Davis et al., 1989). Therefore, the following hypothesis is 
raised: 

H1b: Perceived ease of use (PEOU) in AI-based e-SDS positively influences customer 
attitude towards online service providers. 

H2b: Perceived ease of use (PEOU) in AI-based e-SDS positively influences customer 
intention towards online service providers. 

2.3.1.3 Perceived flexibility (PF) 
Heim and Sinha (2002) created a classification for the service process in e-retailing using 
the level of flexibility and proposed that greater flexibility has a favourable correlation 
with attitudes (satisfaction) and intentions (loyalty) towards electronic retailers. Due to 
decisions made in the electronic retail process, the service process now offers greater 
customisation along flexible dimensions. In three stages (pre-purchase, purchase, and 
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post-purchase) of the customer activity cycle, Jin and Oriaku (2013) talked about the 
experience a person is having as a result of the flexibility of e-services and proposed that 
this experience could aid service providers in boosting customer attitude (satisfaction) 
and intention. Therefore, we hypothesised: 

H1c: Perceived flexibility (PF) in AI-based e-SDS positively influences customer 
attitude towards online service providers. 

H2c: Perceived flexibility (PF) in AI-based e-SDS positively influences customer 
intention towards online service providers. 

2.3.1.4 Perceived control (PC) 
The control belief in the delivery process acts as an agent to produce attitude results (like 
dis/satisfaction) and behavioural consequences (like loyalty) in the service context 
(Joosten et al., 2016). Langeard et al. (1981) suggested that perceived control is the 
perception of control a customer feels they have on the process in a technology-based 
online services interaction. Numerous authors have hypothesised that the perception of 
control affects the attitude, i.e., dis/satisfaction in many types of service situations (Deng 
et al., 2010; Hui and Bateson, 1991; Lee and Allaway, 2002; Proshansky et al., 1970; 
Wathieu et al., 2002). A properly created and executed service capability can give 
customers more control over the way they search for a specific product or navigation, 
enable them to complete purchases using the service provider’s internet site and allow 
them to select the best channel to buy products in a technology-mediated environment 
like e-commerce (Rust and Kannan, 2003). Therefore, the following hypothesis is 
proposed: 

H1d: Perceived control (PC) in AI-based e-SDS positively influences customer 
attitude towards online service providers. 

H2d: Perceived control (PC) in AI-based e-SDS positively influences customer 
intention towards online service providers. 

2.3.2 ‘Reason against’ service process perceptions in e-SDS 

2.3.2.1 Perceived risk (PR) 
Perceived risk, which is significant in e-commerce is the belief of the customer that 
something unacceptable would happen during SDS (Kim et al., 2008; Nepomuceno et al., 
2014). Many researchers investigated the links between perceived risk and online buying 
satisfaction and intention (Hadi and Besra, 2022; Martin et al., 2015; Sadiq et al., 2022). 
Intention outcomes such as loyalty and attitudinal outcomes such as satisfaction are 
negatively correlated with higher risk perceptions (Belanche et al., 2012; Bianchi and 
Andrews, 2012; Coker et al., 2011; Liu, 2016; Nepomuceno et al., 2014). Some factors 
that can hurt attitudes include a lack of privacy and security issues, an absence of human 
engagement, or technological difficulties (Meuter et al., 2000; Shankar et al., 2003). 
Higher perceived or experienced risk is logically expected to diminish a customer’s level 
of buying happiness. According to Trivedi (2019), who also examined the moderating 
effects of perceived risk in the baking service, consumer conduct is highly influenced by 
perceived risk. 
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Therefore, the following hypothesis is proposed: 

H1e: Perceived risk (PR) in AI-based e-SDS positively influences customer attitude 
towards online service providers. 

H2e: Perceived risk (PR) in AI-based e-SDS positively influences customer intention 
towards online service providers. 

2.3.3 Mediating effect of attitude in the relationship between ‘reasons’  
(for and against) and intention towards the online service provider 

It is further hypothesised that attitude (dis/satisfaction) with the service provider mediates 
the impact of service process perceptions on intention to use the provider afterwards. 
Pham and Ahammad (2017) investigated the influence of customer satisfaction 
throughout all phases of e-service delivery on intention. The association between service 
process perception and intention in online service delivery systems (SDSs) is mediated by 
satisfaction (Gupta et al., 2020a). According to Rose et al. (2012), customers’ cognitive 
and affective beliefs and their link with intention were found to mediate consumer 
satisfaction in electronic retailing. In their 2014 study, Pappas et al. (2014) looked at the 
impact of performance and effort expectancy on satisfaction and intention to use. In 
numerous research, it was claimed that satisfaction mediates the connection between 
intentions and reasons (for and against) in a range of services (Sahu et al., 2020; Tandon 
et al., 2020). To this end, the following hypothesis is proposed: 

H3: The influence of service process perceptions in e-SDS (a) perceived usefulness; 
(b) perceived ease of use; (c) perceived flexibility; (d) perceived control; and (e) 
perceived risk on customer behavioural intentions are mediated by customers’ 
attitude towards the service provider. 

A research model has been proposed based on the hypothesis developed as shown in 
Figure 3. 

Figure 3 Research model – hypothesised constructs 
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3 Methodology 

3.1 Measurement scale 
To ensure reliability, the present research modified and utilised the pre-existing 
questionnaire items from the body of published work. When possible, single barrel 
questions, reversed questions, and pre-testing of the questions were utilised to assess 
every construct, including perceived usefulness, perceived ease of use, perceived 
flexibility, perceived control, perceived risk, attitude towards the service provider, and 
intention towards service provider (see Table 1 for more details). There were many 
different items in the initial set of measurements. A reduced number of items on a seven-
point Likert scale (with 1–7 representing strongly disagree to strongly agree accordingly) 
and seven demographic questions made up the final questionnaire survey. In our survey, 
we asked participants to rate the claims regarding their experiences with the websites of 
online retailers by recalling their most recent online transactions with those websites. 

Table 1 Measurement scales 

Indicators Items Source 
Perceived usefulness (PU) 
PU1 The flow of information or sequence of pages is 

appropriate during searching for a product 
PU2 The entire process of searching for a product took a 

reasonable amount of time 
PU3 On this website, the payment procedure when ordering 

product is quick 
PU4 Ordering from this website saves a lot of time 
PU5 Using this website makes online shopping easier 
PU6 Using this website for online shopping is useful to me 

Adapted and modified 
from Ba and 
Johansson (2008) and 
Arghashi and Yuksel 
(2022) 

Perceived ease of use (PEOU) 
PEOU1 This website is convenient to navigate for searching for 

products 
PEOU2 Order placement and payment process on this website is 

easy 
PEOU3 In this website, the overall online shopping process is 

easy 

Adapted and modified 
from Pham and 
Ahammad (2017) 

Perceived flexibility (PFB) 
PF1 The website gives me the option to compare different 

products before ordering 
PF2 The website gives me the option to save products for 

future transaction 
PF3 The website gives me a choice to pay via different 

modes of payment (i.e., debit/credit/net banking/pay 
later/COD, etc.) 

PF4 The website gives me the option to change the delivery 
address during the fulfilment 

Adapted and modified 
from Pham and 
Ahammad (2017) and 
Bauer et al. (2006) 
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Table 1 Measurement scales (continued) 

Indicators Items Source 
Perceived flexibility (PFB) 
PF5 The website gives me choices of communication 

channels (i.e., email/calls/chat, etc.) to connect with 
customer service representatives 

PF6 The website has the option to choose between a wide 
variety of products 

 

Perceived control (PCB) 
PC1 I can order any product which the website is offering 
PC2 I can order products at any time which suits me 
PC3 I feel in control at each step of shopping and can change 

the outcome of the online process 
PC4 The website restricts me to do things 

Adapted from Ba and 
Johansson (2008) 

Perceived risk (PRB) 
PR1 This website faces errors/crashes while online shopping 
PR2 By using this website, I feel safe with my security of 

payment (credit/debit/net banking, etc.) details 
PR3 By using this website, I feel safe with my privacy 
PR4 Upon delivery, my order is damaged 
PR5 During delivery, my order gets misplaced 
PR6 This website fails to facilitate the replacement or refund 

of my order 

Adapted and modified 
from Parasuraman  
et al. (2005), Pham 
and Ahammad (2017) 
and Liao and Shi 
(2009) 

Attitude towards service provider (ATT) 
ATT1 Using this site, I feel contented 
ATT2 By using this site for online shopping, I feel pleased 
ATT3 Using this website was fun. 

Adapted from Ba and 
Johansson (2008) 

Intention towards service provider (INT) 
INT1 I would return to this site to conduct future internet 

purchases 
INT2 In future, if I wish to do buying things online, I’ll use 

this web page 

Adapted from Pham 
and Ahammad (2017) 

3.2 Sample and descriptives 

English was used to design the questionnaires. In an attempt to determine any issues with 
the items’ comprehension the final draft of the questionnaires was subsequently sent to a 
small group of doctorate students for refinement (Zikmund, 2010). Due to confusion with 
several items, a few small modifications were made to the item/questionnaires. 

In the pilot study, 100 college students were given the survey, and 77 viable 
responses (i.e., a 77% response rate) were obtained. The pre-test verified that it took 
about 10 min to finish the questionnaire. After pre-testing, no significant issues about the 
questions or layout were brought up by respondents who were allowed to remark on the 
questionnaire form. After that, Indian retail customers with internet shopping experience 
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received the final questionnaire. Online (email-based) and offline modes (pen and  
paper-based) were used to deliver surveys. The distribution of 250 surveys via field 
surveys (pen and paper-based) resulted in 200 usable responses (an effective response 
rate of 80%), while the distribution of 300 surveys via an online questionnaire resulted in 
164 usable responses (an effective response rate of 54%). 

Out of a total of 441 usable responses (including the pilot sample), 68% were male, 
and the rest were female. The majority of respondents were aged between 18–24 years 
(36.7%) and 25–35 (57.1%) with the remainder shared between above 35 years (5.7%). 
The largest group of respondents (58.5%) had an undergraduate degree, followed by a 
master’s and above degree (41.5%). Out of the total respondents, 77.8% had more than 
one year’s experience with the service provider. Regarding the frequency of online 
shopping with the service provider, 15.7% shopped online less than three times, 40.6% 
shopped three to six times and 43.7% shopped more than six times in the last year  
(Table 2). Therefore, overall, we believe that the sample is, indeed, representative of the 
population of online retail shoppers in India. 

Table 2 Sample descriptives 

Demographic questions Responses 
Gender Male (68%) and Female (32%) 
Age 18–24 years (36.7%), 25–35 (57.1%) and >35 (6.2%) 
Education Under graduation and below (58.5%) and Masters and above (41.5%) 
shopping experience >1 year (77.8%) and <1 year (22.2%) 
frequency of shopping <3 times (15.7%), 3–6 times (40.6%) and >6 times (43.7%) 

3.3 Reliability test using Cronbach alpha 

Cronbach’s alpha has been used in a reliability test to find the internal consistency of the 
items (see Table 3). The Cronbach’s alpha (α) scores for each construct of the perception 
of the e-service process fell within the permissible bounds (0.70) suggested by Hair et al. 
(2006). Cronbach’s alpha for attitude is 0.82, which is considered satisfactory. The 
behavioural intention measure’s Cronbach alpha value was 0.82, representing a good 
amount of reliability. Additionally, when any items were deleted, the values did not 
improve. This demonstrates that constructions have a high level of internal consistency 
(Hair et al., 2006). 

Table 3 Reliability test 

Constructs Number of items Cronbach’s α 
Perceived usefulness (PU) 6 0.71 
Perceived ease of use (PEOU) 3 0.77 
Perceived flexibility (PF) 6 0.73 
Perceived control (PC) 4 0.70 
Perceived risk (PR) 6 0.73 
Attitude towards service provider (ATT) 3 0.82 
Intention towards service provider (INT) 2 0.82 
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3.4 Correlation matrix 

None of the seven constructs exceeded the 0.80 cut-off value indicated by Hair et al. 
(2006), according to the correlation matrix among them (see Table 4). Consequently, 
multicollinearity is not a concern. The proposed constructs are recommended for use in 
the study based on the reliability test and correlation analysis (Butcher et al., 2002). 

Table 4 Correlation-matrix among constructs 

 PUB PEUB PFB PCB PRB ATT INT 
PU 1.00       
PEOU 0.69 1.00      
PF 0.68 0.65 1.00     
PC 0.48 0.48 0.49 1.00    
PR 0.42 0.47 0.45 0.49 1.00   
ATT 0.67 0.62 0.68 0.50 0.53 1.00  
INT 0.63 0.64 0.66 0.49 0.46 0.77 1.00 

3.5 Data analysis procedure and methods 

This study adopted mediated regression as a method to examine the direct effects of the 
e-service process perception constructs on attitude (H1 a–e), on behavioural intentions 
(H2 a–e), and the mediation of attitude on the relationship between e-service process 
perceptions in AI-based e-SDS and their behavioural intentions (H3 a–e). This method 
has been aligned with several past studies in examining the mediation effect (Chang and 
Polonsky, 2012; Kumar et al., 2020). 

This method uses four distinct multiple regression equations (Chang and Polonsky, 
2012; Kumar et al., 2020) when considered in a sequential manner followed by four 
conditions respectively. These conditions determine whether the service process 
perception in AI-based e-SDS directly influences customers’ intention towards service 
providers in online retailing, or indirectly influences them through the mediation of 
attitude towards service providers. Four required mediation conditions are provided: 

I There is a statistically significant influence of independent variables (perception 
constructs) on the mediating variable (attitude towards the website of the service 
provider), i.e., testing H1 a–e. 

II There is a statistically significant influence of the mediating variable (attitude 
towards the website of a service provider) on the outcome variable (behavioural 
intentions towards the service provider). 

III There is a statistically significant influence of independent variables (only those 
perception constructs which were found to be significantly related to a mediating 
variable, i.e., attitude in Condition 1) on the dependent outcome variable 
(behavioural intentions towards service provider), i.e., testing H2 a–e. 
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IV The relationship between the independent variables (only those perception constructs 
which were found to be significantly related to the mediating variable, i.e., attitude in 
Condition 1) and the dependent outcome variable (behavioural intentions) changes as 
a result of including the mediating variable (attitude) as a predictor variable, i.e., 
testing H3 a–e. 

The mediating effect can be determined by observing condition 3 (equation (3)) and 
condition 4 (equation (4)) if the independent variable becomes non-significant in 
equation (4) earlier it was significant in equation (3), then it acts as a fully mediated 
variable. However, in the case of partial mediation, independent variables remain 
significant with a reduced influence in equation (4) as compared to equation (3) (Chang 
and Polonsky, 2012; Kumar et al., 2020). As a result of full or partial mediation, the 
effect of significant perception constructs is transferred to the mediator variable (i.e., 
attitude). In multiple regression, equations (3) and (4), the beta coefficient of independent 
variables is observed to determine the mediating effect. If the beta coefficient of 
independent variables becomes non-significant, it leads to the conclusion that there is a 
fully mediated effect. If the beta coefficient value reduces in equation (4) as compared to 
equation (3), then it is said to be partially mediated. 

4 Results 

As can be seen in Table 5, equation (1), all five constructs of service process perceptions 
in AI-based e-SDS, ‘perceived usefulness’ (β = 0.350, t-value = 5.810, p < 0.001), 
‘perceived ease of use’ (β = 0.130, t-value = 2.560, p < 0.05), ‘perceived flexibility’ 
(β = 0.350, t-value = 6.380, p < 0.001), ‘perceived control’ (β = 0.080, t-value = 2.17, 
p < 0.05), and ‘perceived risk’ (β = 0.180, t-value = 5.08, p < 0.001), are related to 
attitude towards service provider. The regression equation indicates that ‘perceived 
usefulness’ (H1a), ‘perceived ease of use’ (H1b), ‘perceived flexibility’ (H1c), ‘perceived 
control’ (H1d), and ‘perceived risk’ (H1e) impacts attitude towards the service provider, 
thus satisfying the first requirement for mediation (Chang and Polonsky, 2012;  
Kumar et al., 2020). Therefore, for all five perception constructs, H1 (H1a to H1e) is 
supported. 

In the second regression equation, the relationship between the mediated variable 
(i.e., attitude) and outcome-dependent variable intention towards the service provider is 
tested. The result shows that the relationship between attitude towards the website of the 
service provider and intention to use the service provider is significant (β = 0.84, t-
value = 25.09, p < 0.001). This fulfils the second condition of mediation (however, no 
particular hypothesis is developed for this relationship). 

In the third multiple regression equation, the association between all significant 
perception constructs as per equation (1) i.e., perceived usefulness, perceived ease of use, 
perceived flexibility, perceived control and perceived risk, and intention towards service 
provider is examined. The result indicates that beta coefficient of respective perception 
constructs i.e., ‘perceived usefulness’ (β = 0.24, t-value = 3.43, p < 0.01), ‘perceived ease 
of use’ (β = 0.30, t-value = 4.93, p < 0.001), ‘perceived flexibility’ (β = 0.39,  
t-value = 6.27 p < 0.001), ‘perceived control’ (β = 0.12, t-value = 2.69, p < 0.05), and 
‘perceived risk’ (β = 0.09, t-value = 2.18, p < 0.05) influence customer’s behavioural 
intentions, thus supporting H2a to H2e. This satisfies the third mediating condition. 
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Table 5 Multiple regression equations, n = 441 

Standard coefficient 

 
Independent variable → 
Dependent variable Beta t-Value Sig. Results 
Constant –0.400 –1.610 0.108  
PU → ATT 0.350 5.810 0.000*** H1a: Supported 
PEOU → ATT 0.130 2.560 0.011** H1b: Supported 
PF→ ATT 0.350 6.380 0.000*** H1c: Supported 
PC → ATT 0.080 2.170 0.030** H1d: Supported 
PR → ATT 0.180 5.080 0.000*** H1e: Supported 

Equation (1) 

R2 (Radj
2) = 0.594 (0.589)     

Constant 1.12 5.720 0.000***  
ATT → INT 0.84 25.090 0.000*** Supported 

Equation (2) 

R2 (Radj
2) = 0.589 (0.588)     

Constant –0.5 –1.760 0.080*  
PU → INT 0.24 3.430 0.001** H2a: Supported 
PEOU → INT 0.3 4.930 0.000*** H2b: Supported 
PF→ INT 0.39 6.270 0.000*** H2c: Supported 
PC → INT 0.12 2.690 0.007** H2d: Supported 
PR → INT 0.09 2.180 0.030** H2e: Supported 

Equation (3) 

R2 (Radj
2) = 0.55 (0.545)     

Constant –0.2 –1.120 0.260  
PU → INT 0.05 0.740 0.460 H3a: Fully mediated 
PEOU → INT 0.23 4.190 0.000*** H3b: Partially 

mediated 
PF→ INT 0.2 3.530 0.000*** H3c: Partially 

mediated 
PC → INT 0.07 1.870 0.062* H3d: Fully mediated 
PR → INT –0.01 –0.250 0.800 H3e: Fully mediated 
ATT → INT 0.55 11.200 0.000*** Supported 

Equation (4) 

R2 (Radj
2) = 0.651 (0.646)     

p-value ***<0.000, **<0.05, *<0.1. 

In the fourth multiple regression equation, the mediating effect of attitude in the 
relationship between service process perception in AI-based e-SDS and intention towards 
service provider is tested. After adding the mediating variable as in condition 4, full 
mediation exists, when beta coefficients of independent variables (perception constructs) 
become non-significant while partial mediation exists when values of beta coefficients 
are reduced. The result shows that after adding a mediating variable, i.e., attitude as an 
independent variable in equation (3), The beta coefficients in equation (4) suggest that 
two perception’s constructs i.e., ‘perceived ease of use’ (β = 0.23, t-value = 4.19, 
p < 0.001) and ‘perceived flexibility’ (β = 0.20, t-value = 3.53, p < 0.001) still have a 
statistically significant effect on customer behavioural intentions. The value of beta 
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coefficients for these two perception constructs are reduced as compared to equation (3), 
this shows that attitude partially mediates the relationship between these two perception 
constructs and intention towards the service provider. The beta coefficient in equation (4) 
indicates that three perception constructs i.e., ‘perceived usefulness’ (β = 0.05,  
t-value = 0.74, p > 0.05), ‘perceived control’ (β = 0.07, t-value = 1.87, p > 0.05), and 
‘perceived risk’ (β = –0.01, t-value = –0.25, p > 0.05) have a statistically non-significant 
effect on customer behavioural intentions. This suggests that the relationship between 
three perception constructs, i.e., ‘perceived usefulness’, ‘perceived control’ and 
‘perceived risk’ and intention association are fully mediated by the attitude towards 
service providers. Also, there is a significant influence of attitude towards the website  
of the service provider on the intention towards the service provider (β = 0.55,  
t-value = 11.20, p < 0.001) as shown in equation (4). Given the changes in the betas for 
all five perception’s constructs, we can suggest that attitude towards the service provider 
partially or fully mediates the association between the service process perception and 
behavioural intentions, that is, H3b and H3c are partially mediated while H3a, H3d, and 
H3e are fully mediated (Table 5). 

5 Discussions and implications 

The objective of this work is to study the influence of service process perceptions in  
AI-based e-SDSs i.e., perceived usefulness, perceived ease of use, perceived flexibility, 
perceived control, and perceived risk on the attitude and intention towards online service 
providers. Also, this paper attempts to study the mediating effect of attitude on the impact 
of service process perceptions on the intention towards service providers. 

Support for hypotheses H1a–e and H2a–e show that all service process perceptions’ 
construct, i.e., ‘perceived usefulness’ (H1a), ‘perceived ease of use’ (H1b), ‘perceived 
flexibility’ (H1c), ‘perceived control’ (H1c), and ‘perceived risk ‘ (H1e) influence 
customer’s attitude (i.e., satisfaction/dissatisfaction) and intention towards service 
provider which supports and contradicts the findings of Arbaugh (2000), Ba and 
Johansson (2008), Chang (2008), Kokoç (2019), Namasivayam and Guchait (2013) and 
Sadiq et al. (2022). Customers evaluate their satisfaction with e-services such as online 
retail based on the service journey quality provided by the service providers (Jaakkola 
and Terho, 2021). The evaluation of satisfaction has relied on the service process 
perceptions of various stages of the SDS. This work proposes five service process 
perceptions in AI-based e-SDS and the importance of service process perceptions are not 
the same for different stages of e-SDS. However, at a particular stage of service delivery, 
a particular process perception rules. For instance, during the e-SDS’s information search 
and agreement stages, ease of use may be crucial. The concept of perceived control may 
also just apply to individuals at the time of information search and fulfilment. 
Furthermore, specific service process perceives may predominate in various e-service 
environments. 

Attitude shows a full mediating effect of the impact of service process perceptions 
such as perceived usefulness, perceived control and perceived risk on intention towards 
service providers. However, the attitude has a partial mediation role in the case of 
perceived ease of use and perceived flexibility. 

Many authors have found the mediation effect (full or partial) of attitude on the 
impact of perceived usefulness on the intention which supports and contradicts our 
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findings (Amoako-Gyampah and Salam, 2004, Hadi and Besra, 2022, Prastiawan et al., 
2021 and Wilson et al., 2021). Several studies have found the mediation effect (full or 
partial) of attitude on the impact of perceived ease of use on the intention which supports 
and contradicts our findings (Wilson et al., 2021; Amoako-Gyampah and Salam, 2004; 
Prastiawan et al., 2021; Setiawan and Setyawati, 2020). Setiawan and Setyawati (2020) 
have taken the mobile payment adoption and found the mediating behaviour of attitude 
on the effect of perceived ease of use on the intention to use. Our result finds support 
from the TAM in diverse contexts and applications such as adoption of advanced 
technologies, e-learning, usage of virtual reality technologies, mobile learning adoption, 
health informatics and education context (Al-Emran et al., 2018; Alsharida et al., 2021; 
Ajibade, 2018; Granić and Marangunić, 2019; Mahalil et al., 2020; Rahimi et al., 2018; 
Rahmawati, 2019). Other factors, such as perceived usefulness, may fully mediate the 
association between perceived ease of use and intention to use, explaining why attitude is 
only partially mediated in the case of perceived ease of use belief. For this PEOU-PU-
ATT-INT acts as a dominant relationship path. 

Numerous authors have argued that flexibility enhances process control (Alaraji and 
Jusan, 2014; Joosten et al., 2016). The relationship between perceived flexibility and 
intention may be mediated by perceived control. The link PFB-PCB-ATT-INT may 
function as a dominating avenue for perceived flexibility. This finding is supported by 
Joosten et al. (2016), who contend that the degree of control over the service delivery 
process is dependent on the individual and is not always better. The impacts on attitudes 
and behaviours, such as dissatisfaction and propensity to employ a specific service 
provider’s service, are shaped by this feeling of control. These results agree with the body 
of research literature. 

Many authors have found the mediation effect (full or partial) of attitude on the 
influence of perceived risk on the usage intention which supports and contradicts our 
findings and suggests that perception of risk while undergoing a service process has a 
negative customer attitude and subsequent intention to use (Hadi and Besra, 2022; Sadiq 
et al., 2022). 

5.1 Implications for theory 

The outcome of this work encompasses our knowledge of how service process 
perceptions in AI-based e-SDS towards different online service providers affect customer 
behavioural intention to use service providers again in an online retail context. This paper 
adopts behavioural reasoning theory, technology acceptance model and service process 
perception model to study the customer journey and suggests a theoretical model in  
AI-based online service delivery to enhance customer experience by working on the 
service process perceptions of the customers. This study incorporates the service process 
perceptions such as perceived flexibility and perceived control in AI-based e-service 
delivery which needs to be explored by the researchers. 

5.2 Managerial implications 

In AI-based online service delivery, service process perceptions such as the usefulness of 
the service delivery process, less complexity of the service process, flexibility of the 
service process, control over the service delivery process, and limiting the risk during the 
delivery of service play a significant role. According to the study’s findings, online 
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service providers should concentrate on how customers perceive the service delivery 
method and features. This study demonstrates how the use of disruptive technology 
advancements, such as artificial intelligence, can improve the customer journey process 
and gain competitive advantages. This study demonstrates how customer satisfaction and 
future service provider use intentions are affected by perceptions of the service process in 
AI-based e-service delivery. Since the service delivery process is just as essential as the 
service outcomes, managers may employ the research findings to transform their service 
offerings more process-centric. Brick-and-mortar establishments, both organised and 
unorganised, account for a sizable portion of India’s retail market. This study will enable 
service providers to concentrate on certain elements of AI-based e-SDS from the 
viewpoints of the process and customers. Perceived usefulness typically has to do with 
the employment of AI features in website design. The control a customer perceives they 
have over the e-SDS in comparison to a traditional retail experience is known as 
perceived control. Perceived risk addresses the danger connected to the face-to-screen 
nature of e-service environments, i.e., environments without human contact. This study 
demonstrates how a service provider’s website’s usefulness, level of control, and risk 
have an impact on customers’ attitudes (satisfaction or dissatisfaction). Service providers 
should concentrate on enhancing the value of websites, integrating more customer control 
over the process such as convenience of time, and minimising risk including privacy, 
security, etc. by using artificial intelligence in the delivery mechanism as technology is 
constantly evolving. 

6 Conclusion, limitations and future study’s scope 

This work advances our knowledge of how attitudes and intentions for service providers 
are affected by views of the service process in an AI-based e-SDS. The theoretical 
understanding of all five service process perception constructs has wider uses for service, 
and it has been discovered that the importance given to each perception construct varies 
depending on the stage of service delivery and the context of the e-service in question. 
This deviation indicates that the categories of online service environments may have an 
impact on how customers perceive various process features. To set themselves apart from 
other service providers, service providers must satisfy these customer’s perceptions of the 
service process in their SDS. 

The findings imply that attitude has a mediated influence (completely and partially) 
on the association between the service process perceptions in digital platforms based on 
artificial intelligence and intention to utilise service providers. Three service process 
perceptions, perceived usefulness, perception of control, and perceived risk are associated 
with intention through attitude (full mediation), while attitude only partially mediates the 
relationship for the other two service process perceptions, perceived ease of use and 
perceived flexibility (Bodet, 2008; Rucker et al., 2011). When customers believe that a 
particular service provider’s online service process is useful, simple, flexible, under their 
control, and risk-free, they will develop favourable intentions towards that provider. 

This study has several restrictions. These results may not apply to other e-service 
environments, such as online banking or e-GOV services, which need to be explored. 
Due to the sample’s exclusivity to Indian e-tail buyers, this study may not be 
generalisable. It is necessary to evaluate the mediating effects of perceived control and 
usefulness on the effects of reported ease of use and, separately, perceived flexibility 
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towards intention. Future studies should examine whether these conclusions hold in 
various e-service environments. Additionally, similar research can be conducted by 
expanding the framework of the current study to include additional constructs related to 
service process perception. Regarding the view of the e-SDS process, additional research 
is required in other nations. To generalise the findings of this study in various e-service 
scenarios, further study is required. Future studies can also be conducted with gender-
specific samples because male and female clients may have different perceptions of the 
service process. By dividing up the consumer base based on gender, service managers 
will be better able to customise their services to each individual. Future studies can also 
use asymmetric methods such as fuzzy-set qualitative comparative analysis (fsQCA) to 
validate this outcome. 

References 
Ajibade, P. (2018) ‘Technology acceptance model limitations and criticisms: exploring the 

practical applications and use in technology-related studies, mixed-method, and qualitative 
researches’, Library Philosophy and Practice, Vol. 9, pp.1–15. 

Alaraji, K.A.M.H. and Jusan, M.B.M. (2014) ‘Assessment of perceived flexibility in house design 
using conjoint analysis (CA)’, International Journal of Applied Engineering Research, Vol. 9, 
No. 14, pp.2473–2486. 

Al-emran, M., Mezhuyev, V. and Kamaludin, A. (2018) ‘Technology acceptance model in  
M-learning context: a systematic review’, Computers and Education, Vol. 125, pp.389–412. 

Aloysius, J.A., Hoehle, H., Goodarzi, S. and Venkatesh, V. (2018) ‘Big data initiatives in retail 
environments: linking service process perceptions to shopping outcomes’, Annals of 
Operations Research, Vol. 270, No. 1, pp.25–51. 

Alsharida, R., Hammood, M. and Al-Emran, M. (2021) ‘Mobile learning adoption: a systematic 
review of the technology acceptance model from 2017 to 2020’, International Journal of 
Emerging Technologies in Learning (IJET), Vol. 16, No. 5, pp.147–162. 

Amoako-gyampah, K. and Salam, A.F. (2004) ‘An extension of the technology acceptance model 
in an ERP implementation environment’, Information and Management, Vol. 41, No. 6, 
pp.731–745. 

Arbaugh, J.B. (2000) ‘Virtual classroom characteristics and student satisfaction with internet-based 
MBA courses’, Journal of Management Education, Vol. 24, No. 1, pp.32–54. 

Arghashi, V. and Yuksel, C.A. (2022) ‘Interactivity, inspiration, and perceived usefulness! how 
retailers’ AR-apps improve consumer engagement through flow’, Journal of Retailing and 
Consumer Services, Vol. 64, pp.102756. 

Ba, S. and Johansson, W.C. (2008) ‘An exploratory study of the impact of e�service process on 
online customer satisfaction’, Production and Operations Management, Vol. 17, No. 1, 
pp.107–119. 

Bauer, H.H., Falk, T. and Hammerschmidt, M. (2006) ‘eTransQual: A transaction process-based 
approach for capturing service quality in online shopping’, Journal of Business Research,  
Vol. 59, No. 7, pp.866–875. 

Belanche, D., Casaló, L.V. and Guinalíu, M. (2012) ‘Website usability, consumer satisfaction and 
the intention to use a website: the moderating effect of perceived risk’, Journal of Retailing 
and Consumer Services, Vol. 19, No. 1, pp.124–132. 

Bianchi, C. and Andrews, L. (2012) ‘Risk, trust, and consumer online purchasing behaviour: a 
Chilean perspective’, International Marketing Review, Vol. 29, No. 3, pp.253–275. 

Bodet, G. (2008) ‘Customer satisfaction and loyalty in service: two concepts, four constructs, 
several relationships’, Journal of Retailing and Consumer Services, Vol. 15, No. 3,  
pp.156–162. 



   

 

   

   
 

   

   

 

   

   362 P. Gupta et al.    
 

    
 
 

   

   
 

   

   

 

   

       
 
 

Bokhari, S.A.A. and Myeong, S. (2022) ‘Artificial intelligence-based technological-oriented 
knowledge management, innovation, and E-service delivery in smart cities: moderating role of 
E-governance’, Applied Sciences, Vol. 12, No. 17, pp.8732. 

Brill, T.M., Munoz, L. and Miller, R.J. (2019) ‘Siri, Alexa, and other digital assistants: a study of 
customer satisfaction with artificial intelligence applications’, Journal of Marketing 
Management, Vol. 35, No. 15-16, pp.1401–1436. 

Butcher, K., Sparks, B. and O’Callaghan, F. (2002) ‘Effect of social influence on repurchase 
intentions’, Journal of Services Marketing, Vol. 16, No. 6, pp.503–514. 

Chang, C.C. (2008) ‘Choice, perceived control, and customer satisfaction: the psychology of online 
service recovery’, Cyber Psychology and Behavior, Vol. 11, No. 3, pp.321–328. 

Chang, Y.W. and Polonsky, M.J. (2012) ‘The influence of multiple types of service convenience on 
behavioral intentions: the mediating role of consumer satisfaction in a Taiwanese leisure 
setting’, International Journal of Hospitality Management, Vol. 31, No. 1, pp.107–118. 

Chen, L., Chen, P. and Lin, Z. (2020) ‘Artificial intelligence in education: a review’, IEEE Access, 
Vol. 8, pp.75264–75278. 

Chi, O.H., Denton, G. and Gursoy, D. (2020) ‘Artificially intelligent device use in service delivery: 
a systematic review, synthesis, and research agenda’, Journal of Hospitality Marketing and 
Management, Vol. 29, No. 7, pp.757–786. 

Coker, L.S.B., Ashill, N.J. and Hope, B. (2011) ‘Measuring internet product purchase risk’, 
European Journal of Marketing, Vol. 45, Nos. 7–8, pp.1130–1151. 

Dabholkar, P. and Overby, J. (2005) ‘Linking process and outcome to service quality and customer 
satisfaction evaluations: an investigation of real estate agent service’, International Journal of 
Service Industry Management, Vol. 16, No. 1, pp.10–27, https://doi.org/10.1108/095642305 
10587131 

Davis, F.D., Bagozzi, R.P. and Warshaw, P.R. (1989) ‘User acceptance of computer technology: a 
comparison of two theoretical models’, Management Science, Vol. 35, No. 8, pp.982–1003. 

de Sousa, W.G., de Melo, E.R.P., Bermejo, P.H.D.S., Farias, R.A.S. and Gomes, A.O. (2019) ‘How 
and where is artificial intelligence in the public sector going? A literature review and research 
agenda’, Government Information Quarterly, Vol. 36, No. 4, pp.101392. 

Deng, L., Turner, D.E., Gehling, R. and Prince, B. (2010) ‘User experience, satisfaction, and 
continual usage intention of IT’, European Journal of Information Systems, Vol. 19, No. 1, 
pp.60–75. 

Gokmenoglu, K. and Hesami, S. (2020) ‘Internet banking adoption among generation Y customers: 
an application of extended TAM’, International Journal of Services Operations and 
Informatics, Vol. 10, No. 4, pp.330–349. 

Granić, A. and Marangunić, N. (2019) ‘Technology acceptance model in educational context: a 
systematic literature review’, British Journal of Educational Technology, Vol. 50, No. 5, 
pp.2572–2593. 

Gupta, P. and Sachan, A. (2018) ‘Relationship between belief about e-service delivery process and 
intention to use: the mediating role of attitude towards service provider’, XXII Annual 
International Conference of the Society of Operations Management (SOM 2018), December, 
Indian Institute of Management Kozhikode, Kozhikode. 

Gupta, P., Pranjal, P. and Sachan, A. (2020b) ‘Performance analysis and improvement of a B2B’s 
supplier-side e-tender driven internal process: a discrete event simulation study’, e-Journal-
First Pan IIT International Management Conference–2018, Roorkee, India, pp.1–5. 

Gupta, P., Pranjal, P., Bera, S., Sarkar, S. and Sachan, A. (2021a) ‘Performance improvement of 
supplier-side e-tender-driven marketing process’, International Journal of Productivity and 
Performance Management, Vol. 70, No. 8, pp.2032–2051, https://doi.org/10.1108/IJPPM-11-
2019-0534 

Gupta, P., Pranjal, P., Sachan, A. and Prasad, P. (2021b) ‘Managing arrival variability in healthcare 
services: case of an out-patient department’, International Journal of Productivity and Quality 
Management, Vol. 34, No. 2, pp.135–157. 



   

 

   

   
 

   

   

 

   

    Study on artificial intelligence (AI) initiatives in e-service delivery systems 363    
 

    
 
 

   

   
 

   

   

 

   

       
 
 

Gupta, P., Sachan, A. and Kumar, R. (2020a) ‘Different stages of the e-service delivery system 
process: belief–attitude–intention framework’, International Journal of Retail and 
Distribution Management, Vol. 48, No. 7, pp.687–706. 

Gupta, P., Sachan, A., Bera, S. and Dutta, T. (in press a) ‘Study on the influence of perceived 
service process belief on overall customer satisfaction: the role of stage satisfaction’, 
International Journal of Services and Operations Management. 

Gupta, P., Sachan, P. and Mishra, V. (in press b) ‘Perceived service process in e-service delivery 
system: B2C online retailers performance ranking by TOPSIS’, International Journal of 
Services Technology and Management. 

Gursoy, D., Chi, O.H., Lu, L. and Nunkoo, R. (2019) ‘Consumers acceptance of artificially 
intelligent (AI) device use in service delivery’, International Journal of Information 
Management, Vol. 49, pp.157–169. 

Hadi, M.A. and Besra, E. (2022) ‘The effect of perceived risk and perceived usefulness on purchase 
intention with customer attitude as a mediation variable’, Journal of Management, Vol. 12, 
No. 4, pp.2918–2930. 

Hair, J.E., Black, W.C., Babin, B.J., Anderson, R.E. and Tatham, R.L. (2006) Multivariate Data 
Analysis, 6th ed., Pearson Prentice-Hall, Upper Saddle River, NJ. 

Halvorsrud, R., Kvale, K. and Følstad, A. (2016) ‘Improving service quality through customer 
journey analysis’, Journal of Service Theory and Practice, Vol. 26, No. 6, pp.840–867. 

He, J., Baxter, S.L., Xu, J., Xu, J., Zhou, X. and Zhang, K. (2019) ‘The practical implementation of 
artificial intelligence technologies in medicine’, Nature Medicine, Vol. 25, No. 1, pp.30–36. 

Heim, G.R. and Sinha, K.K. (2002) ‘Service process configurations in electronic retailing: a 
taxonomic analysis of electronic food retailers’, Production and Operations Management, 
Vol. 11, No. 1, pp.54–74. 

Heskett, J.L., Sasser, W.E. and Schlesinger, L.A. (2010) The Value Profit Chain: Treat Employees 
Like Customers and Customers Like, Simon and Schuster, New York. 

Hill, J., Ford, W.R. and Farreras, I.G. (2015) ‘Real conversations with artificial intelligence: a 
comparison between human–human online conversations and human–chatbot conversations’, 
Computers in Human Behavior, Vol. 49, pp.245–250. 

Huang, M.H. and Rust, R.T. (2018) ‘Artificial intelligence in service’, Journal of Service Research, 
Vol. 21, No. 2, pp.155–172. 

Hui, M.K. and Bateson, J.E. (1991) ‘Perceived control and the effects of crowding and consumer 
choice on the service experience’, Journal of Consumer Research, Vol. 18, No. 2,  
pp.174–184. 

Jaakkola, E. and Terho, H. (2021) ‘Service journey quality: conceptualization, measurement and 
customer outcomes’, Journal of Service Management, Vol. 32, No. 6, pp.1–27. 

Jha, K., Doshi, A., Patel, P. and Shah, M. (2019) ‘A comprehensive review on automation in 
agriculture using artificial intelligence’, Artificial Intelligence in Agriculture, Vol. 2, pp.1–12. 

Jin, Y. and Oriaku, N. (2013) ‘E-service flexibility: meeting new customer demands online’, 
Management Research Review, Vol. 36, No. 11, pp.1123–1136. 

Joosten, H., Bloemer, J. and Hillebrand B. (2016) ‘Is more customer control of services always 
better?’, Journal of Service Management, Vol. 27, No. 2, pp.218–246. 

Kaurav, R.P.S. and Gupta, P. (2022) ‘Trends in multidiscipline management research: past, present 
and future of FIIB business review’, FIIB Business Review, Vol. 11, No. 4, pp.382–404. 

Keshav, K., Pramod, B. and Vineet, K. (2022) Artificial Intelligence (AI) Market, Allied Market 
Research, Retrieved from https://www.alliedmarketresearch.com/artificial-intelligence-market 
(as on 12 November, 2022). 

Kim, D.J., Ferrin, D.L. and Rao, H.R. (2008) ‘A trust-based consumer decision-making model in 
electronic commerce: the role of trust, perceived risk, and their antecedents’, Decision Support 
Systems, Vol. 44, No. 2, pp.544–564. 



   

 

   

   
 

   

   

 

   

   364 P. Gupta et al.    
 

    
 
 

   

   
 

   

   

 

   

       
 
 

Kokoç, M. (2019) ‘Flexibility in e-learning: modelling its relation to behavioural engagement and 
academic performance’, Themes in eLearning, Vol. 12, No. 12, pp.1–16. 

Kumar, R., Kumar, R., Sachan, A. and Gupta, P. (2021) ‘An examination of the e-government 
service value chain’, Information Technology and People, Vol. 34, No. 3, pp.889–911, 
https://doi.org/10.1108/ITP-09-2018-0438 

Kumar, R., Sachan, A. and Kumar, R. (2020) ‘The impact of service delivery system process and 
moderating effect of perceived value in internet banking adoption’, Australasian Journal of 
Information Systems, Vol. 24, pp.1–22. 

Langeard, E., Bateson, J., Lovelock, C. and Eiglier, P. (1981) Marketing of Services: New Insights 
From Consumers and Managers, Marketing Science Institute, Cambridge, MA, pp.81–104. 

Lee, J. and Allaway, A. (2002) ‘Effects of personal control on adoption of self-service technology 
innovations’, Journal of Services Marketing, Vol. 16, No. 6, pp.553–573. 

Lemon, K.N. and Verhoef, P.C. (2016) ‘Understanding customer experience throughout the 
customer journey’, Journal of Marketing, Vol. 80, No. 6, pp.69–96, https://doi.org/10.1509/ 
jm.15.0420 

Liao, Z. and Shi, X. (2009) ‘Consumer perceptions of internet-based e-retailing: an empirical 
research in Hong Kong’, Journal of Services Marketing, Vol. 23, No. 1, pp.24–30. 

Liu, W. (2016) ‘An empirical investigation of the older adults’ continuance intention towards 
SNSs’, International Journal of Services Operations and Informatics, Vol. 8, No. 2,  
pp.136–149. 

Mahalil, I., Yusof, A.M. and Ibrahim, N. (2020) ‘A literature review on the usage of technology 
acceptance model for analysing a virtual reality’s cycling sport applications with enhanced 
realism fidelity’, IEEE and ICIMU, Malaysia, pp.237–242. 

Martin, J., Mortimer, G. and Andrews, L. (2015) ‘Re-examining online customer experience to 
include purchase frequency and perceived risk’, Journal of Retailing and Consumer Services, 
Vol. 25, pp.81–95. 

Meuter, M.L., Ostrom, A.L., Roundtree, R.I. and Bitner, M.J. (2000) ‘Self-service technologies: 
understanding customer satisfaction with technology-based service encounters’, Journal of 
Marketing, Vol. 64, No. 3, pp.50–64. 

Mou, J., Shin, D.H. and Cohen, J. (2017) ‘Understanding trust and perceived usefulness in the 
consumer acceptance of an e-service: a longitudinal investigation’, Behaviour and Information 
Technology, Vol. 36, No. 2, pp.125–139. 

Namasivayam, K. and Guchait, P. (2013) ‘The role of contingent self-esteem and trust in consumer 
satisfaction: examining perceived control and fairness as predictors’, International Journal of 
Hospitality Management, Vol. 33, pp.184–195. 

Nepomuceno, M.V., Laroche, M. and Richard, M.O. (2014) ‘How to reduce perceived risk when 
buying online: the interactions between intangibility, product knowledge, brand familiarity, 
privacy and security concerns’, Journal of Retailing and Consumer Services, Vol. 21, No. 4, 
pp.619–629. 

Pan, Y. and Zhang, L. (2021) ‘Roles of artificial intelligence in construction engineering and 
management: a critical review and future trends’, Automation in Construction, Vol. 122, 
p.103517. 

Pappas, I.O., Pateli, A.G., Giannakos, M.N. and Chrissikopoulos, V. (2014) ‘Moderating effects of 
online shopping experience on customer satisfaction and repurchase intentions’, International 
Journal of Retail and Distribution Management, Vol. 42, No. 3, pp.187–204. 

Parasuraman, A., Zeithaml, V.A. and Malhotra, A. (2005) ‘ES-QUAL: a multiple-item scale for 
assessing electronic service quality’, Journal of Service Research, Vol. 7, No. 3, pp.213–233. 

Payne, E.H.M., Peltier, J. and Barger, V.A. (2021) ‘Enhancing the value co-creation process: 
artificial intelligence and mobile banking service platforms’, Journal of Research in 
Interactive Marketing, Vol. 15, No. 1, pp.68–85. 



   

 

   

   
 

   

   

 

   

    Study on artificial intelligence (AI) initiatives in e-service delivery systems 365    
 

    
 
 

   

   
 

   

   

 

   

       
 
 

Pham, T.S.H. and Ahammad, M.F. (2017) ‘Antecedents and consequences of online customer 
satisfaction: a holistic process perspective’, Technological Forecasting and Social Change, 
Vol. 124, pp.332–342. 

Prastiawan, D.I., Aisjah, S. and Rofiaty, R. (2021) ‘The effect of perceived usefulness, perceived 
ease of use, and social influence on the use of mobile banking through the mediation of 
attitude toward use’, Asia Pacific Management and Business Application, Vol. 9, No. 3, 
pp.243–260. 

Proshansky, H.M., Ittelson, W.H. and Rivlin, L.G. (1970) ‘Freedom of choice and behavior in a 
physical setting’, Environmental Psychology: Man and His Physical Setting, pp.173-183. 

Rahimi, B., Nadri, H., Afshar, H.L. and Timpka, T. (2018) ‘A systematic review of the technology 
acceptance model in health informatics’, Applied Clinical Informatics, Vol. 9, No. 3,  
pp.604–634. 

Rahmawati, R.N. (2019) ‘Self-efficacy and use of e-learning: a theoretical review technology 
acceptance model (TAM)’, American Journal of Humanities and Social Sciences Research,  
Vol. 3, No. 5, pp.41–55. 

Reis, J., Amorim, M., Cohen, Y. and Rodrigues, M. (2020) ‘Artificial intelligence in service 
delivery systems: a systematic literature review’, World Conference on Information Systems 
and Technologies, Springer, Switzerland, pp.222–233. 

Rose, S., Clark, M., Samouel, P. and Hair, N. (2012) ‘Online customer experience in e-retailing: an 
empirical model of antecedents and outcomes’, Journal of Retailing, Vol. 88, No. 2,  
pp.308–322. 

Roth, A.V. and Menor, L.J. (2003) ‘Insights into service operations management: a research 
agenda’, Production and Operations Management, Vol. 12, No. 2, pp.145–164. 

Rucker, D.D., Preacher, K.J., Tormala, Z.L. and Petty, R.E. (2011) ‘Mediation analysis in social 
psychology: current practices and new recommendations’, Social and Personality Psychology 
Compass, Vol. 5, No. 6, pp.359–371. 

Rust, R.T. and Kannan, P.K. (2003) ‘E-service: a new paradigm for business in the electronic 
environment’, Communications of the ACM, Vol. 46, No. 6, pp.36–42. 

Sachan, A., Kumar, R. and Kumar, R. (2018) ‘Examining the impact of e-government service 
process on user satisfaction’, Journal of Global Operations and Strategic Sourcing, Vol. 11, 
No. 3, pp.321–336. 

Sadiq, M., Dogra, N., Adil, M. and Bharti, K. (2022) ‘Predicting online travel purchase behavior: 
the role of trust and perceived risk’, Journal of Quality Assurance in Hospitality and Tourism, 
Vol. 23, No. 3, pp.796–822. 

Sahu, A.K., Padhy, R.K. and Dhir, A. (2020) ‘Envisioning the future of behavioral decision-
making: a systematic literature review of behavioral reasoning theory’, Australasian 
Marketing Journal, Vol. 28, No. 4, pp.145–159. 

Setiawan, M. and Setyawati, C.Y. (2020) ‘The influence of perceived ease of use on the intention 
to use mobile payment’, Journal of Accounting and Strategic Finance, Vol. 3, No. 1,  
pp.18–32. 

Shankar, V., Smith, A.K. and Rangaswamy, A. (2003) ‘Customer satisfaction and loyalty in online 
and offline environments’, International Journal of Research in Marketing, Vol. 20, No. 2, 
pp.153–175. 

Singh, J., Rana, S., Abdul Hamid, A.B. and Gupta, P. (2023) ‘Who should hold the baton of 
aviation sustainability?’, Social Responsibility Journal, Vol. 19, No. 7, pp.1161–1177, 
https://doi.org/10.1108/SRJ-05-2021-0181 

Sivathanu, B. (2018) ‘Adoption of internet of things (IOT) based wearables for healthcare of older 
adults – a behavioural reasoning theory (BRT) approach’, Journal of Enabling Technologies, 
Vol. 12, No. 4, pp.169–185. 

Stanly, M. (2023) Top AI Statistics and Trends of 2023 India, AI, https://indiaai.gov.in/article/top-
ai-statistics-and-trends-of-2023 (Accessed 3 January, 2024). 



   

 

   

   
 

   

   

 

   

   366 P. Gupta et al.    
 

    
 
 

   

   
 

   

   

 

   

       
 
 

Taherdoost, H. (2018) ‘Development of an adoption model to assess user acceptance of e-service 
technology: E-service technology acceptance model’, Behaviour and Information Technology, 
Vol. 37, No. 2, pp.173–197. 

Tandon, A., Dhir, A., Kaur, P., Kushwah, S. and Salo, J. (2020) ‘Behavioral reasoning perspectives 
on organic food purchase’, Appetite, Vol. 154, pp.104786. 

Trivedi, J. (2019) ‘Examining the customer experience of using banking chatbots and its impact on 
brand love: the moderating role of perceived risk’, Journal of Internet Commerce, Vol. 18, 
No. 1, pp.91–111. 

Tsung, F., Li, Y. and Jin, M. (2008) ‘Statistical process control for multistage manufacturing and 
service operations: a review and some extensions’ International Journal of Services 
Operations and Informatics, Vol. 3, No. 2, pp.191–204. 

Tussyadiah, I. (2020) ‘A review of research into automation in tourism: launching the annals of 
tourism research curated collection on artificial intelligence and robotics in tourism’, Annals of 
Tourism Research, Vol. 81, pp.102883. 

Wathieu, L., Brenner, L., Carmon, Z., Chattopadhyay, A., Wertenbroch, K., Drolet, A. and Wu, G. 
(2002) ‘Consumer control and empowerment: a primer’, Marketing Letters, Vol. 13, No. 3, 
pp.297–305. 

Wilson, N., Keni, K. and Tan, P.H.P. (2021) ‘The role of perceived usefulness and perceived ease-
of-use toward satisfaction and trust which influence computer consumers’ loyalty in China’, 
Gadjah Mada International Journal of Business, Vol. 23, No. 3, pp.262–294. 

Wolfinbarger, M. and Gilly, M.C. (2003) ‘eTailQ: dimensionalizing, measuring and predicting  
e-tail quality’, Journal of Retailing, Vol. 79, pp.183–198. 

Xu, A., Liu, Z., Guo, Y., Sinha, V. and Akkiraju, R. (2017a) ‘A new chatbot for customer service 
on social media’, Proceedings of the 2017 CHI Conference on Human Factors in Computing 
Systems, ACM, Denver, Colorado, USA, pp.3506–3510. 

Xu, X., Munson, C.L. and Zeng, S. (2017b) ‘The impact of e-service offerings on the demand of 
online customers’, International Journal of Production Economics, Vol. 184, pp.231–244. 

Zeithaml, V.A., Parasuraman, A. and Malhotra, A. (2002) ‘Service quality delivery through web 
sites: a critical review of extant knowledge’, Journal of the Academy of Marketing Science, 
Vol. 30, No. 4, pp.362–37. 

Zikmund, W.G. (2010) Business Research Methods, 8th ed., South-Western Cengage Learning, 
Mason, OH. 

 


